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Hierarchical Optimization for Procedural Effectiveness in Diagnosing Mutations 



Field of Invention 

This invention relates to computer readable mediums, systems and methods for determining an 
optimal test order for diagnosing mutations that relate to a disease. 

Background 

For certain diseases linked to autosomal dominant inheritance of genetic mutations, doctors are 
now able to improve medical treatment for affected people, even before clinical presentation of 
symptoms, due to molecular diagnosis of the heritable mutation. Some diseases that result from 
such heritable mutations are hereditary breast and ovarian cancer, hereditary hemorrhagic 
telangiectasia, cystic fibrosis, colorectal cancer and retinoblastoma. 

For example, molecular diagnosis requires a comparison of patient DNA to "wild type" DNA 
accepted by a consensus of experts as normal. Some general classes of mutations that cause 
disease include deletion of all or part of a critical gene, insertions and duplications of isolated 
portions of DNA, and hypermethylation of gene promoter regions. In some diseases, certain 
genetic mutations are found to recur in the DNA of many patients, the same type of mutations at 
the same locations in DNA, across many individuals. 

For example, in both Duchenne Muscular Dystrophy and Becker Muscular Dystrophy, mutations 
cluster in two recombination "hot spots" [Den Dunnen et al 19891 . Similarly, the most common 
genetic defect that causes cystic fibrosis (AF508) accounts for about 30-80% of mutant alleles 
depending on the ethnic group [CF Genotype-Phenotype Consortium 1993]. 



That Relate to Disease 
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More typically, however, heritable diseases are linked to mutations that do not recur with great 
frequency across affected families. Before any beneficial change in treatment can be offered to 
families affected by such a disease, first it is necessary to search the DNA for the mutation(s) 
that cause disease. Once the familial mutation is identified, all individuals at risk can be tested 
to see if they carry the mutation and beneficial changes can often be made to the surveillance or 
treatment of affected individuals. 

The prior art in searching for genetic mutations relies first on PCR amplification and sequencing 
of DNA from genes linked to particular diseases. For some diseases, it is known to be cost- 
effective to use other preliminary screening techniques to detect the existence of a mutation and 
to restrict the search for sequencing errors to a smaller region of DNA. Examples of such 
supplementary techniques include Quantitative Multiplex PCR (QMPCR), Single Stranded 
Conformational Polymorphism (SSCP) analysis, and heteroduplex analysis. 

Because many genetic diseases are linked to a multiplicity of genetic mutations, if molecular 
diagnosis is to achieve high levels of sensitivity, the analysis must involve multiple medical 
diagnostic assays. Although the prior art recognizes the value of multiple hierarchical assays, 
there is no discussion in the relevant literature to explain how one should order multiple medical 
diagnostic assays to achieve the shortest possible turnaround time, the lowest possible test 
costs, or both. 

Cost effective health care requires that a molecular test methodology be shown to be sensitive, 
accurate and economically feasible before it becomes routine clinical care. Therefore, it is of 
significant economic value to health care providers that molecular test strategies are designed 
to provide the highest sensitivity to mutations, yet at the lowest possible cost and in the least 
possible time. The current invention makes such design capacity available to knowledgeable 
users. 
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Summary 

This invention provides a computer readable medium having computer-executable instructions 
that when executed by a computer cause the computer to perform a method for determining an 
optimal test order for diagnosing mutations that relate to a disease, the method comprising the 
steps of receiving data indicative of a historical frequency distribution of mutations that relate to 
the disease and the assays required to diagnosis the disease, creating a history database, the 
database comprising a sequence of records based on the data, receiving new data indicative of 
the historical frequency distribution of mutations that relate to the disease and the assays 
required to d i agnosis diagnose the disease, applying at least one decision tree algorithm, 
wherein the at least one decision tree algorithm scores at least a portion of the new data and 
generating a recommendation if the score satisfies a threshold. 

In one embodiment, applying at least one decision tree algorithm comprises the steps of 
accessing a set of records within the history database generating at least two strategies from 
the accessed records, comparing the at least two strategies against each other; and calculating 
the projected cost for the at least one strategy identified by the comparing step. In another 
embodiment the threshold is calculated from a pre-selected minimum number of records within 
the history database. 

The invention further relates to a system for determining an optimal test order for diagnosing 
mutations that relate to a disease, comprising a computing environment; an input device, 
connected to the computing environment for receiving information; an output device, connected 
to the computing environment, for presenting information; and at least one decision tree 
algorithm selectively executed based on at least a portion of the new data, wherein the at least 
one of the decision tree algorithms scores at least a portion of the new data and determines the 
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optimal test order associated with the at least one decision tree algorithm if the score satisfies a 
threshold, wherein the optimal test order is presented via the output device. 

In one embodiment the at least one decision tree algorithm further determines a projected cost 
for each test associated with the optimal test order if the score satisfies a threshold, wherein the 
projected cost is presented via the output device. In another embodiment the received 
information comprises the historical frequency distribution of mutations that relate to the disease 
and the assays required to diagnos i s diagnose the disease. In yet another embodiment the at 
least one decision tree algorithm is specific to hereditary diseases selected from the group 
consisting of breast cancer, colorectal cancer, lung cancer, prostate cancer, retinoblastoma, and 
hereditary hemorrhagic telangiectasia. In another embodiment the decision tree consists of at 
least two strategies. In yet another embodiment the at least two strategies are ranked by 
projected cost and in yet another embodiment the at least two strategies comprise at least two 
assays. In one embodiment, the at least two strategies are ranked based on minimum projected 
cost to perform the at least two medical diagnostic assays. 

The invention also relates to a method of determining the optimal test order for diagnosing 
mutations that relate to a disease, comprising the steps of receiving data indicative of a 
historical frequency distribution of mutations that relate to the disease and the assays required 
to d i agnosis diagnose the disease; creating a history database, the database comprising a 
sequence of records based on the data; receiving new data indicative of the historical frequency 
distribution of mutations that relate to the disease and the assays required to diagnosis the 
disease; applying at least one decision tree algorithm, wherein the at least one decision tree 
algorithm scores at least a portion of the new data; and generating a recommendation if the 
score satisfies a threshold. In one embodiment, applying at least one decision tree algorithm 
comprises the steps of accessing a set of records within the history database; generating at 
least two strategies from the accessed records; comparing the at least two strategies against 
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each other; and calculating the projected cost for the at least one strategy identified by the 
comparing step. In yet another embodiment, the projected cost is calculated from a pre-selected 
minimum number of records within the history database. 

This invention provides a computer-readable medium having computer-executable instructions 
that when executed by a computer cause the computer to perform a method for determining an 
optimal test order for diagnosing mutations in DNA that relate to a disease, the method 
comprising the steps of receiving through an input device data indicative of the historical 
frequency distribution of mutations in DNA that relate to a disease and the assays required to 
render a diagnosis for the disease, creating a history database, the database comprising a 
sequence of records based on the data, receiving, through an input device, new data indicative 
of the historical frequency distribution of mutations in DNA that relate to a disease and the 
assays required to render a diagnosis for the disease, applying a match pattern to the history 
database, generating a recommendation if a frequency value of matched records located by 
applying the match pattern satisfies a match threshold and communicating the recommendation 
through an output device. In one embodiment, applying a match pattern comprises accessing a 
set of records within the history database by use of a time window, the time window comprising 
a range of pre-selected dates, comparing the match pattern to each of the accessed records; 
and calculating the frequency value from the matched records identified by the comparing step. 
In another embodiment, the match threshold is representative of a pre-selected minimum 
number of records corresponding to the match pattern. 

The present invention further relates to a system for determining an optimal test order for 
diagnosing mutations in DNA that relate to a disease, comprising a computing environment; an 
input device, connected to the computing environment for receiving information; an output 
device, connected to the computing environment, for presenting information; and a plurality of 
decision tree algorithms selectively executed based on at least a portion of the received 
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information, wherein any one of the decision tree algorithms scores at least a portion of the 
received information and determines the optimal test order associated with the any one decision 
tree algorithm if the score reaches or passes a threshold, wherein the optimal test order is 
presented via the output device. In one embodiment, the any one of the decision tree algorithms 
further determines the projected costs for each test associated with the optimal test order if the 
score reaches or passes a threshold, wherein the projected costs are presented via the output 
device. In another embodiment, the any one of the decision tree algorithms further determines 
the projected times for each test associated with the optimal test order if the score reaches or 
passes a threshold, wherein the projected times are presented via the output device. In yet 
another embodiment, the any one of the decision tree algorithms further determines the path 
associated with the optimal test order if the score reaches or passes a threshold, wherein the 
path is presented via the output device. In one embodiment, the threshold is modifiable by one 
or more sensitivity factors. In one embodiment, the path consists of at least two strategies. In 
another embodiment, the at least two strategies are ranked based on degree of certainty. In yet 
another embodiment, the at least two strategies comprise at least two medical diagnostic 
assays. In one embodiment, the at least two strategies are ranked based on minimum average 
cost to perform the at least two medical diagnostic assays. In yet another embodiment, the at 
least two strategies are ranked based on the projected time to perform the at least two medical 
diagnostic assays. In another embodiment, the any one decision tree algorithm is selected from 
among a group of algorithms, the algorithms specific to hereditary diseases comprising breast 
cancer, colorectal cancer, lung cancer, prostate cancer, retinoblastoma, and hereditary 
hemorrhagic telangiectasia. In an alternative embodiment, the received information comprises 
the historical frequency distribution of mutations that relate to a disease and the assays required 
to render a diagnosis for the disease. 
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The invention further relates to a system for testing for mutations in DNA, said system 
comprising a system for determining an optimal test order for diagnosing mutations in DNA that 
relate to a disease, comprising a computing environment, an input device, connected to the 
computing environment for receiving information, an output device, connected to the computing 
environment, for presenting information and a plurality of decision tree algorithms selectively 
executed based on at least a portion of the received information, wherein any one of the 
decision tree algorithms scores at least a portion of the received information and determines the 
optimal test order associated with the any one decision tree algorithm if the score reaches or 
passes a threshold, wherein the optimal test order is presented via the output device. In another 
embodiment, the system for testing for mutations in DNA, said system comprises a system for 
determining an optimal test order for diagnosing mutations in DNA that relate to a disease 
further determines the projected costs for each test associated with the optimal test order if the 
score reaches or passes a threshold, wherein projected costs are presented via the output 
device. In yet another embodiment, the system for testing for mutations in DNA, said system 
comprising a system for determining an optimal test order for diagnosing mutations in DNA that 
relate to a disease further determines the projected times for each test associated with the 
optimal test order if the score reaches or passes a threshold, wherein projected costs are 
presented via the output device. 

The present invention further relates to a method of determining the optimal test order for 
diagnosing mutations in DNA that relate to a disease comprising the steps of receiving, through 
an input device, data indicative of the historical frequency distribution of mutations in DNA that 
relate to a disease and the assays required to render a diagnosis for the disease creating a 
history database, the database comprising a sequence of records based on the data, receiving 
through an input device, new data indicative of the historical frequency distribution of mutations 
in DNA that relate to a disease and the assays required to render a diagnosis for the disease, 
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applying a match pattern to the history database, generating a recommendation if a frequency 
value of matched records located by applying the match pattern satisfies a match threshold, and 
communicating the recommendation through an output device. In one embodiment, applying a 
match pattern comprises the steps of accessing a set of records within the history database by 
use of a time window, the time window comprising a range of pre-selected dates, comparing the 
match pattern to each of the accessed records and calculating the frequency value from the 
matched records identified by the comparing step. In another embodiment, the match threshold 
is representative of a pre-selected minimum number of records corresponding to the match 
pattern. 

The invention also relates to a method for testing for mutations in DNA, said method performed 
in accordance with the method of determining the optimal test order for diagnosing mutations in 
DNA that relate to a disease comprising the steps of receiving, through an input device, data 
indicative of the historical frequency distribution of mutations in DNA that relate to a disease and 
the assays required to render a diagnosis for the disease, creating a history database, the 
database comprising a sequence of records based on the data, receiving, through an input 
device, new data indicative of the historical frequency distribution of mutations in DNA that 
relate to a disease and the assays required to render a diagnosis for the disease, applying a 
match pattern to the history database, generating a recommendation if a frequency value of 
matched records located by applying the match pattern satisfies a match threshold and 
communicating the recommendation through an output device. 

It will also be appreciated that the system may or may not contain a computing environment. 
Brief Description of the Drawings 

Preferred embodiments of the invention will be described in relation to the drawings in which: 
Figure 1. HOPE for Unknown Unilateral Mutations 
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This figure depicts a decision tree for comparing two assays (i and i), given one of three prior 
search histories, shown here as entry points. No Prior Information. Partial Heterozygous, and 
Partial Homozygous. Table 1 counts paths and costs along each path, and defines the 
notations used in the figure . 

Figure 2. Distribution within the RB1 cDNA and promoter of 111 different missense, small 
insertions and deletions in the germline of 165 persons. Ninety-five families had unique 
mutations. Fourteen recurrent mutations that affected 70 independent families are in black; 
fourteen in-frame mutations are outlined in black; R661W is both recurrent (6 occurrences in 
germline) and in-frame, indicated by a wide black border. 

Figure 3. Distribution within the RB1 cDNA and promoter of 41 splicing mutations and 
large deletions identified in the germline of 65 retinoblastoma probands. The mutations in 
black occurred in more than one independent family; the number of occurrences is in brackets. 

Figure 4. Mutation detection using QM-PCR. (A) detection of a multi-exonic deletion, and (B) 
detection of a 2 bp deletion in exon 22 by QM-PCR. 

Figure 5. Multiplex Allele Specific PCR (AS4-PCR) for rapid detection of recurrent 
mutations in RB1. Four samples from retinoblastoma patients (patients A-D) and two control 
normal samples were tested by AS4-PCR containing primers specific for recurrent mutations 
R455X (730 bp), R579X (287 bp), R358X (251 bp) and R251X (202 bp). Strong amplification 
occurred when the mutation identified by the specific PCR primer was present. Normal 1 and 
patient sample D also show low levels of cross hybridization to the wild-type alleles with the 
primers for R455X and R358X. 

Figure 6. Impact of molecular RB1 testing. (A) Histograms of the number of examinations 
avoided because of molecular results. Clinic examinations are shown in open bars, EUAs in 
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black bars. (B) Histogram of direct surveillance costs saved for 20 families because of molecular 
RB1 testing. Mean savings was CAD 6591 per family (horizontal line). Bilateral and familial 
retinoblastoma families are shown in open bars, unilateral non-familial families in bars with 
oblique hatches. The molecular strategy cost more than conventional surveillance for two 
families in which all assays failed to show the proband's mutation (speckled bars) and for six 
families in which at-risk family members were few in number or significantly older than the 
proband. 

Detailed Description 

In this document the following terminology is adopted. 

Decision tree —a list of all medical diagnostic assays that may be applied to the DNA, RNA or 
protein of a person to achieve a diagnosis; and for each such assay, all possible outcomes; and 
for each such outcome, all subsequent actions that may be applied to achieve a diagnosis, such 
as to perform a particular assay or to stop analysis. 

Entry point — a state of knowledge that initiates the decision tree 

Exit point — a state of knowledge that requires continued analysis to reach a conclusive 
diagnosis. 

Stopping Point — a state of knowledge that allows conclusive diagnosis or otherwise ends the 
search for mutations. 

Strategy — an ordered series of actions through a decision tree that leads from an entry point 
to a stopping point, in which each choice may depend on information obtained from prior 
choices, outcomes and conditional probabilities of future outcomes. 
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Search Path — a sequence of actions and outcomes from an entry point to an exit point, but 
not necessarily a stopping point. 

Search History — a partial search path that includes a starting point, but not necessarily an exit 
point. 

Medical Diagnostic Assay —manipulation of a human tissue sample or human bodily fluid 
sample that causes information to be revealed about the sample that is useful to diagnose the 
disease status of the sample's donor. Examples of medical diagnostic assays include, but are 
not limited to, amplification by polymerase chain reaction of sample DNA or sample mRNA to 
determine the sequence of DNA bases; amplification by polymerase chain reaction of sample 
DNA or sample mRNA to detect deletion or duplication of coding exons; and in-situ hybridization 
by a series of fluorescent-labelled probes viewed under a fluorescent microscope. 

Cost — any measurable consequence of performing a medical diagnostic assay. Costs include, 
but are not limited to, the cash expenditures required to perform a medical diagnostic assay, the 
time required to perform a medical diagnostic assay, and a weighted average of cash 
expenditures and time required to perform a medical diagnostic assay. 

Input device — examples of input devices include any one or more of a keyboard, a scanner, a 
user pointing device, such as, for example, a mouse, a touch pad, or an audio input device or a 
video input device, or any device, electronic or otherwise which can be utilized for inputting or 
entering data or information. 

Output device — examples of output devices include a printer, a display, a transmitter, a 
modem, or any other device that can be used to output data. 

Computing Environment — A computing environment can be defined as the processing 
components of a computer-based system which accepts input entered with an external input 
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device connected to the said processing components, and presents processing results to an 
external output device. It includes a single computer, and a network of computers. The input 
device is connected to a network of computers (the computing environment) via a network 
connection, which may be either a dial-up connection using a modem (the public switched 
telephone network, cable, or satellite) or via a dedicated data circuit. The network can be a 
public network, like the Internet, or a closed, private data network, such as an in-house network 
or an intranet. The computers of the network may be organized in a client-server or peer-to-peer 
fashion. A computing environment also includes software for execution on the computer(s), for 
example, communications software in the case of a network configuration, and database 
software for implementing and accessing a database. 

Computer-readable medium — examples of computer readable media include recordable-type 
media such as floppy disc, a hard disk drive, RAM, and CD-ROM's, as well as transmission-type 
media, such as digital and analog communications links. 

Database — the data or information stored in the database can also be updated by, or 
dynamically linked to, various external sources, including but not limited to news services, 
research publications, research facilities, healthcare laboratories, providers of healthcare goods 
or services, pharmaceutical companies, research institutions, schools. The database will contain 
any and all information deemed necessary or desirable for providing all of the processing or 
services or functions described herein. 

The current invention provides at least one minimum-cost sequence for medical diagnostic 
assays in a search for genetic mutations that relate to a disease. 

Inputs to the Search 

The following assumptions are made: 
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(a) An analyst knows the whole spectrum of mutations and the frequency with which each 
mutation occurs in the population. This assumption cannot always be met precisely, but 
in many situations, the population distribution can be approximated by a large sample of 
previously discovered mutations. 

(b) For each mutation in the population, the analyst can specify a set of medical diagnostic 
assays that provides a conclusive diagnosis. 

(c) The analyst knows the cost of each step required to diagnose mutations relating to a 
disease. 

(d) The analyst can measure the benefit of a diagnosis, conditional on the outcomes of the 
medical diagnostic assays performed. 

Optimal Test Order 

The first two assumptions ensure existence of a joint probability distribution for mutations that 
diagnose disease over the field of all (sub)sets of assays. For any n medical diagnostic assays, 
2 n distinct strategies are possible. From the assumptions above, the analyst has enough 
information to rank strategies. 

The Net Cost Measure that Ranks Strategies 

The assumptions above provide enough information to calculate the likelihood that a search will 
proceed along each possible path, the cost of any path, and the projected cost over all paths. 
Calculate the cost measure used to rank test orders as follows: 

Strategy Expected Cost = 2^Pjl,(Cif-Bif) (1) 

where C, y , is the cost of the Ah action performed along the/th feasible search path; B, 7 is the 
value of all incremental benefits attained by the i\h action performed along the /th feasible 
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search path; 7} is the total number of actions on search path j\ N is the number of feasible 
search paths generated by the particular strategy; and pj is the likelihood that the search path y 
occurs. The incremental benefits, assumed to be known, include all direct consequences of 
successful diagnosis, such as cost savings from eliminating unnecessary treatment or intensive 
screening when an individual is shown not to carry a predisposition to heart disease. This cost 
measure is equally valid for a partial search path, such as a history, as for a full search path. 

The set of probabilities {p y } is approximated by the frequency distribution of empirically observed 
outcomes. As medical diagnostic assays reveal new information, frequencies should be updated 
to ensure accuracy, until sample sizes grow so large that no significant changes are observed in 
the set of probabilities. 

Solutions 

To find a strategy that minimizes the Strategy Expected Cost measure (an optimal strategy), 
follow the process of pairwise comparisons detailed below. If more than one optimal strategy 
exists, the multiplicity of solutions is trivial because each valid solution has the same average 
cost. The procedure to find an optimal strategy follows: 

a) For each feasible strategy generated by a decision tree, find the last decision preceding 
each stopping point in the decision tree. Calculate the projected cost for each feasible 
partial strategy that starts at the decision. If the projected cost of each such partial 
strategy is positive, replace the decision with a stopping point, ensuring no incremental 
benefits and no further costs. 

b) Proceed by backwards iteration from the decisions closest to stopping points in each 
minimum-cost strategy to the first decision, calculating the projected cost from each 
decision forward in the tree and eliminating all partial strategies with positive projected 
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cost. When all decisions have been evaluated for all feasible strategies, the decision tree 
has been refined. 

c) From the refined decision tree, pick any feasible strategy and call it the current strategy. 

d) Use the Strategy Expected Cost measure (1) to find the projected cost of the partial 
strategy that includes only the first two assays in the current strategy. Compare this 
result to the projected cost of the partial strategy formed by the same two assays in 
reverse order. Alter the current strategy to include the order for the two assays that 
achieves the lowest cost, with all other actions unchanged. These two assays are now 
ranked. 

e) Use the cost measure (1) to compare the projected cost to perform the partial strategy 
formed by first three assays in the current strategy with the projected cost of the partial 
strategy formed when the second and third assays are in reverse order. Retain as the 
current strategy the order that achieves the lowest cost, with all other actions in the 
strategy unchanged. If this comparison causes the order of assays to change, then all 
assays that change order and all that follow are unranked and the analyst returns to step 
(d). If the current strategy is not changed by the cost comparison, the second and third 
assays are ranked and the analyst proceeds to step (f). 

f) Consider the last assay already ranked and the first assay not yet ranked. Compare the 
projected cost of two partial strategies formed when these two assays are in the current 
order and in reverse order. Retain the partial strategy that achieves the lowest projected 
cost, and leave all other decisions unchanged. If the cost comparison changes the assay 
ordering, the two assays in consideration and all assays that follow are now unranked. If 
the ordering does not change, then all preceding assays and the two last considered are 
all ranked. Repeat this step iteratively until all assays in the optimal path are ranked. 
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g) When all assays in a strategy are ranked, the strategy is optimal and it must achieve 
minimal projected cost. 

Example 1: Unilateral Retinoblastoma Probands 

Retinoblastoma is a rare, malignant eye tumor that occurs only in infants, affecting 
approximately one out of every 15,000 live births. Males have a higher incidence than females 
(1.7 to 1). There are no geographical or racial associations with retinoblastoma, suggesting that 
environmental factors do not play a causal role in the development of this disease. Untreated, 
retinoblastoma can metastasize from the eye through the optic nerve to the brain. Left 
untreated, 98% of patients with retinoblastoma die, typically within the first four years of life. 
Treatment may mean blindness or the loss of one or both eyes and patients who survive 
treatment of retinoblastoma are at elevated risk for secondary non-ocular cancers. 

Retinoblastoma is a paradigm of Knudson's two-hit hypotheses. Each cell has two copies of 
DNA, one from each parent. If a child inherits a defective copy of the RB1 gene, or undergoes a 
mutation early in the process of cell differentiation, the child has only one functioning tumor 
suppressor gene. Further mutation in the retinal cells of a person who inherits a defective RB1 
gene leads to retinoblastoma. 

In 60% of cases, retinoblastoma affects only one eye. Unilateral cases of retinoblastoma are 
usually diagnosed in the second year of life. In 40% of affected children, retinoblastomas affect 
both eyes. Bilateral retinoblastomas are often multifocal - that is they have many distinct tumor 
foci. Bilateral cases are generally diagnosed earlier, usually in the first year of life. 

A molecular diagnosis for unilateral retinoblastoma requires the location of two mutations in 
DNA extracted from tumor cells. It is important also to know whether a mutation that causes 
retinoblastoma is carried in the person's germline cells and can be inherited. Therefore, DNA 
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extracted from blood is tested for mutations found in tumor DNA. Diagnosis is not complete 
unless a mutation found in tumor DNA is also found in DNA extracted from blood, or unless two 
mutations are found in tumor DNA and neither are found in blood DNA. 

Decision Tree to Rank Two Assays for Retinoblastoma 

The figure below depicts a decision tree for comparing two assays (/ and y), given one of three 
prior search histories, shown here as entry points, No Prior Information, Partial Heterozygous, 
and Partial Homozygous (Figure 1). Table 1 counts paths and costs along each path, and 
defines the notation used in Figure 1 . 

How to Rank Strategies 

For two arbitrary assays / and y, the third column of Table 1 gives the incremental costs of 
performing / before j and the fourth column gives the costs of performing j before / . The 
projected cost of each test order equals the vector product of the probabilities in the first column 
and the costs in the third or fourth column, respectively. To simplify the presentation, path- 
dependent costs have only the last step in the history shown as arguments. For example, OfJ) 
means the cost to confirm a mutation shown by / when / follows / 

To order two tests, given any history, compare the projected cost of testing in order (/, j) and in 
order (/, /). The expression below is the reduced form of the difference between the projected 
costs of test order (/, j) over test order (/', /). If this amount is negative, then (/, j) dominates (/, 0. 
and if it is positive, (/, 0 dominates (/,/). 



Page 17 of 50 



CostDiJf = 
(ng)Ci-(gn)Q+ 

f rm + 2gn +n<p+n<p+ 2g<p+ 2g<p^ 



K +2hgq>+hn<p+ 2hg<p + hup 



[Cj . Ci0) ]_|- + ^-^ + ^ +2 ^! 2 ^V,-c^ 

J i + 2hqg+h<pi + 2h<%+2h<pi / ' n 



Page 18 of 50 



Table 1. Paths and Costs for Unilateral Retinoblastoma 
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This pairwise comparison is the kernel of the iterative process that compares projected costs. 
Used iteratively, it identifies an optimal strategy. If an empirical sample is used to implement this 
procedure rather than a known joint probability distribution, it is useful to recalculate frequencies 
in the table each time the accumulated sample changes, before comparing differential costs. 
Sample size is key to whether variation in the observed data will affect how accurately the 
process functions. With large sample sizes (hundreds of mutations), it is generally safe to 
assume that variations in outcomes are very small in comparison to the whole sample. 

The ranking statistic CostDiff has an intuitive interpretation. The first two terms count the cost of 
testing first by / when, in fact,; provides information that concludes the search, such as the 
discovery of a germline mutation. Similarly, the last two terms count the cost of testing first by j 
when, in fact, test / resolves the search. In two states, ng and gn, the marginal test costs are 
doubled because the first test reveals a homozygous mutation in tumor tissue but not in the 
patient's blood, and then second test reveals a germline mutation, which concludes the search. 

Example 2 - screening for RB1 and BRCA mutations 

A sensitive and efficient strategy is presented to screen retinoblastoma probands for RB1 
mutations. The method combines quantitative multiplex PCR (QM-PCR), two-dye double-exon 
sequencing, and for unilateral tumors, methylation-sensitive PCR (MS-PCR). The potential of 
allele-specific PCR (AS4-PCR) to increase efficiency was also evaluated. The current invention 
is used to model the search problem and derive optimal orderings of 19 different tests for two 
proband groups: bilateral and familial unilateral probands, and sporadic unilateral probands. 
Efficient use of molecular testing reduced the estimated surveillance cost for 20 randomly 
selected retinoblastoma families. 
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Using a combination of molecular techniques, 452 RB1 mutations were detected in clinical 
samples from 382 probands with retinoblastoma (Table 2). 

Table 2. Characterization of 452 mutant RB1 alleles from 382 retinoblastoma probands. 
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A review was previously published of 368 reported RB1 mutations, including 27 unique 
mutations, [Lohmann, 1999]. It can be confirmed that mutations likely to result in residual protein 
(missense mutations, in-frame deletions and splice abnormalities and promoter mutations) are 
rare (7%) in bilaterally affected probands, but represent 43% of mutations in unilateral 
probands. Neither of the previous studies reports whole-exon or multi-exon deletions, which 
account for 14% of the bilateral probands in this study. It is likely that the techniques used in 
these studies were insensitive to exon copy number. Karyotype analysis will detect 5- 7% of 
RB1 mutations that are large rearrangements, but has insufficient resolution for small exonic 
deletions. 

Thirteen of fifteen missense mutations are clustered in the A/B pocket and the intervening 
spacer region, confirming that in-frame mutations favour critical regions of RB1. At least three of 
the missense mutations have been associated with reduced penetrance (R661W, V654L and 
C712R) (DiCiommo et al. 2000). Only one of the missense mutations was recurrent, R661W. In 
addition, the mutations identified in the germline of unilaterally affected children, 43% of which 
are in-frame, can also be considered to have reduced penetrance. The recurrent mutations, 
including R661W, all involve C-*T transitions (Figure 1), usually resulting in CGA (arginine) 
mutating to TGA (STOP). Of 46 arginine codons in RB1, 14 are encoded by CGA/G, and 13 of 
14 are targets for recurrent mutations. 

Exons have been screened for mutations using a variety of techniques including single strand 
conformation polymorphism (SSCP) analysis, DGGE [Blanquet, 1995], heteroduplex analysis, 
Southern blotting, or pulsed field gel electrophoresis [Janson, 1994]. Aside from direct 
sequencing of exons, the majority of these methods rely on an initial exon screen followed by 
sequencing of suspect amplified fragments. Double-exon sequencing is used without a pre- 
screen for exonic changes and found that this could be an efficient approach when used 
together with the instant invention. 
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Detection of RB1 mutant alleles has required the analysis of genomic DNA, because in blood 
mRNA from null alleles was undetectable [Dunn, 1989]. This has been attributed to message 
instability due to NMD [Hentze, 1999]. The null alleles however are easily detected in mRNA in 
retinoblastoma tumors. This may occur either because the absence of pRB leads to up- 
regulation of transcription to levels where even degrading mRNA is detectable by PCR [Dunn, 
1989], because the mRNA was prepared for tumor cell lines without time for NMD to be active, 
or perhaps because NMD is less active in tumors. Stabilization of mRNA showing premature 
truncation of translation by puromycin or cycloheximide [Carter, 1995] prior to RT-PCR might 
allow detection of mRNA from null alleles in blood, adding efficiency and a potential increase in 
sensitivity of RB1 mutation identification. 

The current invention provides a practical tool to evaluate prospective new tests. For example, 
the impact of developing multiplex AS4-PCR on the sensitivity, costs and turnaround time was 
assessed prospectively prior to using the assay on clinical samples. The analysis showed that 
AS-PCR would only be more effective than direct sequencing if multiple point mutations with 
relatively high frequency of occurrence were assayed in a single reaction. Thus, AS4-PCR is 
implemented only after finding a combination of experimental conditions that allowed four 
recurrent nonsense mutations to be multiplexed and detected in a single agarose gel. If the 13 
mutations that have occurred 4 or more times were tested together in one or two multiplex 
reactions, 1 14/401 (28%) of RB1 mutations could be detected by simple PCR assays. 

The optimization of multiple steps for mutation detection for large genes may be generalized to 
other genes which cause disease with a high frequency of private null alleles including copy 
number changes, such as BRCA1 and BRCA2 in breast cancer. Mutation identification for 
BRCA genes is similar to RB1 in that there are many ways that the genes can be mutated, and 
that knowledge of carrier status can provide very real advantages to the family [Kutner, 1999]. 
However, there is a larger impact of founder mutations that can be specifically targeted in 
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mutation identification. The copy number changes that are detected readily with QM-PCR are 
common in the BRCA genes [Gad, 2001], but are not commonly incorporated into screening 
strategies [Hegde, 2000]. 

A very important component of RB1 mutation identification is the sensitivity of the assays to 
discover the mutant allele(s) in the probands or their tumors. Without high sensitivity, the social 
and technical cost of attempting the molecular work is high when the mutant allele is not 
identified. The current invention provides 90% sensitivity to identify RB1 mutant alleles, the 
highest yet reported. Others indicate sensitivity to identify mutant RB1 alleles between 40% 
[Sippel, 1998] and 80% [Lohmann, 1999]. Linkage studies indicate that the unidentified mutant 
alleles in hereditary retinoblastoma probands still involve the RB1 gene, even when mutations 
are not found. When all assays have been negative, failure to identify a mutant allele was 
reported to the referring professionals and work continued to identify the RB1 mutation on a 
research basis. 

Intronic translocations, which remain undetectable by our current techniques, may account for 
some of the 10% of families for which no mutation was identified. Fluorescent in-situ 
hybridization (FISH), a method well suited to the detection of translocations, has not yet 
revealed any translocations in samples where all of the assays were negative. 

The use of the current invention to optimize RB1 mutation detection decreases test costs, 
decreases turnaround time and increases the likelihood of clinical implementation. This 
invention is applicable to other genetic diseases, such as, breast cancer, colorectal cancer, lung 
cancer, prostate cancer, retinoblastoma, and hereditary hemorrhagic telangiectasia, and to 
general cost impact assessment of new techniques before implementation. 
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Clinical Impact ofRB1 Mutation Identification 

Cost of conventional clinical screening was compared to cost of molecular analysis in the 
management in retinoblastoma families. For each Ontario proband whose RB1 mutation had 
been determined by molecular analysis, age for relatives at risk was calculated at i) time of 
diagnosis in proband and ii) time at which RB1 mutation was identified. Direct health care costs 
were estimated depending on the age of proband and each child (<7 years) relative. Costs of 
conventional clinical surveillance for retinoblastoma at the Hospital for Sick Children, Toronto, 
estimated in 1994 [Noorani, 1996], were compared to the molecular test costs in the same year. 
Conventional clinical surveillance costs were adjusted for inflation between 1994 and 2002 and 
compared to the calculated 2002 molecular test costs with full optimization. 

Mutation Types and Recurrent Mutations 

All functional classes of mutations were identified (Table 2). 

The germline mutations in 199 bilateral probands were 93% null, 6% in-frame and 1% occurred 
in the promoter region. The germline mutations identified in 30 unilateral probands (both familial 
and non-familial) were 57% null, 40% in-frame and 3% promoter, consistent with these 
mutations being associated with reduced penetrance. The mutant alleles identified in 
retinoblastoma tumors from 113 unilaterally affected probands, but not detectable in blood and 
therefore presumed somatic, were 88% null, 3% in-frame and 8% methylation of the promoter. 

Of 129 sporadic retinoblastoma tumors in which mutations were identified, the second allele 
was mutated by loss of heterozygosity (LOH) in 67 (52%). Interestingly, the likelihood that the 
M2 event would be LOH varied with the type of M1 event. Only 22% of tumors with M1 whole 
gene deletions, and only 27% of tumors with exonic deletions, showed LOH, while 89% of 
tumors in which M1 was methylation of the promoter showed LOH. 

The distribution of 229 germline mutations is illustrated in Figures 2 and 3 and Table 2. 
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The majority (93% for bilateral probands and 57% for unilateral probands) were null mutations 
that predict a truncated protein or mRNA with a premature STOP codon that is anticipated to be 
degraded by nonsense-mediated decay (NMD) (Hentze, 1999). These null mutations, including 
large deletions, deletions involving one or more exons and splice mutations (Figure 2), and 
small frame-shifting intra-exonic insertions and deletions, and nonsense mutations (Figure 3), 
were distributed throughout the RB1 gene. Most of the missense mutations were clustered in 
the RB1 domains A and B, which are known to be important in the regulation of transcription by 
the RB1 protein product, pRB (DiCiommo et al. 2000). 

The 200 somatic mutations (M2 for germline cases or M1/M2 for non-germline cases) were 
similarly distributed between mutation types, except that methylation of the promoter accounted 
for 8% of somatic mutations (Table 2). We have tested blood from 7 of 28 germline cases in 
which we have not found an RB1 mutation and none showed promoter methylation (data not 
shown). 
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Table 3. Recurrent Mutations identified by QM-PCR and bidirectional sequencing. 



Recurrent Mutations identified by QM-PCR and bidirectional sequencing 
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2 


0 


2 


1 


1 


Missense Mutations 














sequence 


Exon 20 


R661W 


7 


0 


7 


4 


3 


Promoter Mutations 














methylation 


Promoter 


Pmeth 


11 


11 


0 


0 


0 


Large Deletions 














QM-PCR 




delPto27 


39 


24 


15 


4 


11 


QM-PCR 




del 3 to 27 


5 


5 


0 


0 


0 


QM-PCR 




del 18 to 27 


3 


2 


1 


0 


1 


QM-PCR 




delPto2 


3 


1 


2 


0 


2 


QM-PCR 


exon 17 


del 17 


3 


0 


3 


0 


3 


QM-PCR 


exon 13 


del 13 


2 


0 


2 


0 


2 


Total mutations that occurred more than once 


199 


97 


102 


14 


88 


% of mutant alleles 




50% 


56% 


45% 






Number of mutations that occurred only once 


202 


75 


127 






% of mutant alleles 




50% 


44% 


55% 






Total number of mutant alleles excluding LOH 


401 


172 


229 







Page 27 of 50 



Of 401 (229 germline, 172 somatic) RB1 mutations, 50% were unique and occurred only once 
(202 overall, 127 germline, 75 somatic) (Table 3). One third of the "recurrent" mutations were 
large deletions and methylation of the promoter and were not defined at a nucleotide level. All of 
the 13 point mutations that occurred four or more times involved C-»T transitions at CpG 
dinucleotides attributed to deamination of 5-methylcytosine (Rideout et al. 1990; Schmutte and 
Jones 1998). Twelve of these mutations affected arginine codons and one created a splice 
mutation (1354+1 G->A). 

Molecular analysis of tumor in one unilateral patient identified three individual RB1 mutations: 
heterozygous deletion of all exons and the promoter and S795X and 713delAA, both presumed 
to be hemizygous (rather than homozygous). Since tumors are clonal, it is possible that the 
three mutations represent two different subclones with different M2 mutations but with the same 
M1 deletion. None of the three mutations was present in the patient's blood. This is the only 
retinoblastoma tumor in which more than two RB1 mutations were observed, although mutation 
analysis of tumor DNA is discontinued once two genetic changes predicted to be causative have 
been identified. 

Genotype-Phenotype Correlations 

For 93% (186/199) of probands with bilateral retinoblastoma, the germline RB1 mutant alleles 
were "null" (Table 1) and were expected to result in premature truncation of translation and 
unstable mRNA [Dunn, 1989] due to nonsense-mediated decay [Hentze, 1999; Frischmeyer, 
1999;Culbertson, 1999] resulting in no detectable protein. Of the 203 probands with null 
germline mutations, 92% had bilateral tumors, while only 50% (12/24) of probands with in-frame 
mutations developed bilateral tumors (Table 2). The diseased eye ratio (der) [Lohmann, 1994] 
(ratio of the sum of affected eyes to the number of mutation carriers in a family) is 1 .9 for null 
RB1 alleles and <1.5 for in-frame and promoter mutant alleles. 
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The recurrent missense mutation R661W occurred in 7/229 unrelated families. Four of the 
seven R661W probands were unilaterally affected (der 1.6). Of 30 unilateral germline probands, 
four (13%) had R661W. This mutation has been associated with reduced penetrance [Lohmann, 
1992; Onadim, 1992] and the protein product of the R661W allele has been shown to have 
partial activity [Otterson, 1997; Whitaker, 1998]. The sporadic unilateral patients with R661W 
germline mutations can therefore be considered the founders of reduced penetrance families. 
All of the 16 missense mutations involved the A/B "pocket" domain of pRB (Figure 1), which is 
critical in the interaction of pRB with the transcription factor E2F [DiCiommo, 2000]. For 
example, in vitro studies of R661 W showed decreased binding to the transcription factor E2F1 
but retained ability to undergo cyclin-mediated phosphorylation (Otterson et al., 1997). 

Lysine substitution for valine (V654L) resulted in reduced penetrance with der of 0.5, but 
substitution of glutamic acid for valine at the same position has been shown to yield a more 
highly penetrant phenotype (Lohmann, personal communication). A V654L mutant allele was 
also heterozygous with the null allele R556X in a unilateral non-hereditary tumor, consistent with 
the concept that LOH for the reduced penetrance V654L allele might be insufficient for 
tumorigenesis [DiCiommo, 2000]. Functional studies may provide greater insight into the 
importance of this valine residue, which lies 90-100% buried (Lee et al., 1998) within the pocket 
domain. 

Of fifteen probands with complete deletion of RB1 (del P->27), only 11 (73%) had bilateral 
retinoblastoma. The del P->27 mutation accounted for 13% (4/30) of total unilateral germline 
mutations, but only 6% of all bilateral germline mutations (Table 1). The tendency for total 
deletions to cause fewer tumors has been hypothesized to be due to contiguous deletion of an 
adjacent unknown gene that is essential for cell survival [DiCiommo, 2000]. LOH for such a 
deleted allele, which is the M2 event in 52% of all tumors, would result in loss of the essential 
gene and cell death rather than retinoblastoma, resulting in a higher frequency of unilateral 
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disease. Tumors would result only if M2 were a different mutation within RB1, leaving the 
"lethal" gene intact. 

Sensitivity to identify RB1 mutation(s) in probands 

In total, the combination of molecular techniques described above characterized 452 mutant 
RB1 alleles (Table 1). We identified the germline mutation in 199 of 224 bilateral probands (89% 
sensitivity) and in 17 of 20 (85%) unilateral familial probands. In the tumors from 134 unilateral 
sporadic patients we characterized 236 mutated alleles (89% sensitivity to discover mutant 
alleles). The germline status in 112 (84%) of these 134 patients was determined. No mutations 
were detected in the tumors of 8 unilateral sporadic probands. In tumors of 14 unilateral 
sporadic probands we characterized only one mutant allele that was not detected in blood. 
These 22 cases are considered incomplete. Thirteen (12%) of the 112 unilateral, sporadic 
probands had germline mutations despite the absence of family history. 

QM-PCR Analysis 

QM-PCR is sensitive to insertions and deletions ranging in size from one base (Figure 4) to the 
whole RB1 gene. QM-PCR covering the whole gene in 6 multiplex sets of 1 to 8 exons (2, 1, 8, 
6, 6 and 5 exons in six multiplex groups respectively) detected 31% of the mutant alleles in the 
sample. However, QM-PCR is a more powerful assay of allelic copy number for some exons 
than for others (Table 4). For 19 exons, QM-PCR distinguished correctly between samples that 
have one allele and samples that have two alleles, at a 97% confidence level. For 22 exons, 
QM-PCR distinguished correctly at a 95% confidence level. For four exons, QM-PCR showed 
moderate power (confidence between 60% and 80%), and did not distinguish one from two 
copies of exon 1 . We have developed a replacement set of four QM-PCR multiplex sets (Q1 to 
Q4) with between 1 and 13 exons each in order to increase overall effectiveness of mutation 
identification. 
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Table 4. Statistical ower of test for allelic uantity by QM-PCR. 
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Alpha Risk: The probability of falsely categorizing two-copy DNA as one-copy DNA is or. 
Beta Risk: The probability of falsely categorizing one-copy DNA as two-copy DNA is /8. 
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Allele-Specific PCR 

Analysis of mutation type and distribution along the RB1 gene revealed that although the gene 
lacks hotspots that would predict important functional domains, 13 point mutations recurred with 
significant frequency; CpG-transitions in particular (Table 3). AS4-PCR was developed for four 
of these recurrent mutations in one multiplex, which clearly distinguished the specific alleles 
from the background level of wild type allele amplification (Figure 5). This multiplex is fast and 
inexpensive since only one PCR reaction and one agarose gel are required to detect 40/401 
(10%) of all mutant alleles (12% of somatic and 8% of germline mutant alleles). 

The instant invention reveals the importance of inter-dependencies between assays in at least 
two ways. First, characterization of some multi-exon deletions requires more than one multiplex. 
The sensitivity of the next multiplex therefore depends on the subset of multiplexes already 
performed. For example, multiplex Q2 scores 10, 13 or 17 mutations, depending on which 
multiplexes precede it in the test order. Consequently, QM-PCR multiplexes cannot be optimally 
ordered by a simple ratio of sensitivity over cost. 

Isolating the set of QM-PCR multiplex permutations that achieve minimum time to discovery 
solves this problem. Materials cost and time differences were ignored, because each multiplex 
takes almost the same time and incurs almost the same materials cost. By scoring complete 
diagnosis and not partial deletions, it was found that, for bilateral probands, the unique best 
ranking of the revised Q1-4 multiplexes is 1-3-2-4 and for unilateral probands, 3-2-1-4. After 
the QM-PCR multiplexes were ordered, ranking of the entire list of tests proceeded with the 
added restriction that QM-PCR multiplexes maintain the optimal order. 

Second, statistical dependence appears when analyzing sporadic unilateral mutations. In the 
48% of tumors that do not show LOH, two different mutations must be searched. Any pair of 
mutations that occurs together with more than random probability introduces another source of 
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history-dependent sensitivity ranking. The likelihood that the next assay will complete the 
molecular characterization of disease depends on which tests have already been performed. 
For example, it appears that methylation of the promoter is more likely (89%) than other kinds of 
mutations (48%) to be associated with LOH (Table 2). Using the method described above 
solved this problem. 

For families with reduced numbers of affected eyes and frequent unilaterally affected children, 
the order of assays can be further optimized to reflect certain genotype/phenotype correlations. 
For example, in reduced penetrance families, 13% carry the R661W mutation. QM-PCR 
revealed the mutation in 40% of these patients, compared to 1 % R661 W and 32% QM-PCR- 
detectable mutant alleles for bilateral, full penetrance/expressivity families. Two families in the 
study showed the 745+1 G->T mutation (IVS6+1G->T) and the characteristic inheritance pattern 
shown by Klutz et al. When paternally inherited, this splice mutation shows high expressivity 
and the nonsense-mediated decay of one copy of the mRNA as observed for other null RB1 
alleles. Conversely, maternal inheritance of the mutation is associated with extremely low 
expressivity and the mis-spliced message is easily detectable [Klutz, 2002]. 

Impact ofRB1 Mutation Identification on Quality of Health 

Molecular analysis was useful to retinoblastoma families in several ways. A total of 12 of 30 
offspring of adult retinoblastoma survivors who were tested at various stages of pregnancy or 
post-natally were shown to carry the family's mutation and all developed bilateral 
retinoblastoma. The offspring who did not carry the RB1 mutation did not develop 
retinoblastoma. Prenatal testing identified 9 fetuses that carried the family's RB1 mutation. Four 
of these pregnancies were terminated, all in families who had experienced children dying of 
retinoblastoma or second primary tumors. One family that had undergone a very negative 
experience with retinoblastoma terminated a pregnancy that carried the RB1 mutation and 
subsequently delivered a baby without the mutation, who did not develop tumors. Three families 
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chose clinical examination as soon as the child was born which permitted early treatment of 
bilateral retinoblastoma tumors. Two of these three infants had bilateral tumors detected at birth. 
All three ultimately required enucleation of one eye when multiple treatments failed to control 
tumor growth. 

Four infants were delivered prematurely around 35 weeks gestation in order to treat potential 
macular tumors early. One of the four infants had unilateral macular tumors at 36 weeks 
gestation. The other three children developed bilateral tumors one month to one year later. All 8 
eyes were treated with laser and cryotherapy and all have 6/6 vision. 

Only 13 of 1 13 (12%) of unilaterally affected probands with no family history of retinoblastoma 
were germline carriers of one of the two RB1 mutations detected in their tumor. None of the 100 
unilateral probands whose identified tumor mutations where absent in blood developed 
retinoblastoma in the unaffected eye. Of all germline RB1 mutation carriers, approximately 10% 
[Sippel, 1998] are mosaic and might not be detected by our screens. A 1.2% (10% x 12%) risk 
remains that a unilateral patient with no detectable mutation in blood has germline mosaicism 
with 0.6% residual risk for the next generation. Precise knowledge of the RB1 mutations in the 
tumor of a potentially mosaic unilateral proband permits accurate testing for those mutations in 
future offspring. 

Infant relatives of retinoblastoma probands can be accurately tested. Within the cohort of 212 
non-familial probands with germline mutations, >98% of parents tested normal for their child's 
mutation thereby predicting population risk for the development of retinal tumors in future 
children. Unidentified mosaicism however, puts siblings at a 0.5% (50% chance of inheriting 
mutant allele x 10% chance the parent is an unaffected carrier x 10% chance that the parent is 
mosaic) calculated risk of inheriting the same mutant RB1 allele as the proband. Since 
mosaicism cannot be inherited, the siblings and other relatives of unilateral retinoblastoma 
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probands who do not manifest the mutations of the tumor in blood are at the population risk to 
develop retinoblastoma. 

Impact ofRB1 Mutation Identification on Cost of Health Care 

To measure the impact of RB1 molecular testing on health outcomes and health care costs for 
whole families, we counted the number of surveillance examinations performed on first- and 
second-degree child relatives for a representative sample of 20 Ontario families (Figure 6). For 
each family, we counted the number of examinations saved and the net savings in direct 
surveillance cost by the molecular strategy. 

With molecular testing, individual relatives required fewer or no examinations for clinical 
surveillance. In the 20 families, 88 children avoided a total of 313 examinations under 
anaesthetic and 107 children avoided 852 clinic examinations (Figure 6A). The mean savings in 
health care spending for all 20 families was CAD 6,591 (USD 4,200) per family (Figure 6B). In 
12 of 20 families surveyed, molecular analysis saved between CAD 1 ,000 and 38,000. In the 
remaining 8 families, surveillance with molecular analysis cost between CAD 1,000 and CAD 
6,300 more than conventional surveillance. Even when the molecular strategy cost more, the 
quality of care was better for families in which molecular diagnosis allowed children to avoid 
clinical examinations. In five families, children at risk were relatively few or relatively old, so the 
usual savings were diminished. In one family that carries a low-penetrance mutation, a large 
proportion of people in the pedigree needed to be tested. In two families whose mutant RB1 
allele was not identified by all the assays performed, the molecular route cost more because no 
clinical advantage was obtained despite the work. 

Patient Samples 

We examined 134 unilateral, non-familial probands and 224 bilateral or familial unilateral 
probands, referred from Canada, the United States and several other countries. All participating 
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families provided informed consent for the research team to perform clinical tests and to use the 
samples for retinoblastoma research in an anonymous manner. No person selected the option 
to exclude their sample or information from research, in which case their information would have 
been excluded from this analysis. 

Peripheral blood lymphocytes (PBL) of bilateral and familial unilateral patients were studied for 
RB1 mutations. Since few (15%) of the persons with sporadic unilateral retinoblastoma are 
predicted to have a germline RB1 mutation, failure to find a mutation in PBL is of marginal 
predictive value. Therefore, we searched unilateral tumor DNA for biallelic inactivating mutations 
and then examined PBL for those specific mutant alleles to rule in or out a germline mutation. 

Total genomic DNA from PBL and tumor samples was extracted using the Puregene kit 
according to the manufacturer's directions (Gentra, Minneapolis, MN). 

The sensitivity of the current invention was determined using a combination of QM-PCR, 
double-exon sequencing and methylation-specific PGR was calculated from the studied clinical 
samples. The sensitivity of allele-specific PCR was estimated by the ability to correctly identify 
four different mutations in control samples with previously identified mutations characterized by 
sequencing. For each assay, the cost (supplies and labor) and time to perform the assay was 
measured and the theoretical impact on overall test efficiency was calculated. The current 
invention was used to optimize the order of performance of the specific assays, based on the 
probability of revealing a mutation. The test turnaround time was calculated by defining the path 
that minimized time to mutation detection added to fixed handling time. 
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Molecular Techniques 



Quantitative Multiplex PCR (QM-PCR) 

QM-PCR was used to screen for changes in exon size and copy number. All 27 exons of the 
gene were amplified using intronic primers designed to include splice sites. The 3' end of the 
promoter, containing binding sites for ATF, E2F, SP1, AP1 and HRE elements [Gill, 1994], was 
amplified as a single fragment. Amplification was performed in six multiplex sets containing 
between 1 and 8 fluorescent-labelled primer pairs (Cy 5.5) that yielded products of different 
sizes to allow simultaneous visualization of fragments. Reactions were performed with AmpliTaq 
DNA Polymerase kit (Applied Biosystems, Foster City, CA). PCR conditions were optimized so 
that each exon was amplified quantitatively. Either a 282 bp or a 329 bp product from exon 4 of 
the human retinaldehyde binding protein gene (chromosome 15) was used as internal control 
for quantitation against external controls known to have the following RB1 status: nullisomic, 
WERI-RB1 retinoblastoma cell line [McFall, 1977]; monosomic, EL cell line [Benedict, 1983]; 
and diploid, normal. Amplified products were heat denatured, separated on a 6% 
polyacrylamide gel and analyzed using the OpenGene® Automated DNA System (Visible 
Genetics Inc, Toronto). Fragment detection and subsequent calculations were performed by the 
Gene Objects 3.1 software (Visible Genetics Inc, Toronto). Ratios of RB1 derived peaks to 
internal control peaks were used to calculate gene copy number. Size standards labelled with 
Cy5.5 were used to identify aberrantly migrating bands indicating suspect intra-exonic insertion 
or deletion, which were verified and further characterized by bi-directional sequencing. 

When QM-PCR indicated suspect insertion or deletion involving one or more exons, long PCR 
was used to distinguish between true genetic alteration and artifacts generated by inefficient 
amplification due to intronic primer site polymorphisms. Amplimers were generated from 
genomic DNA using primers flanking the span of exons suspected to be deleted using the XL 
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PCR kit according to the manufacturer's instructions (Perkin-Elmer). PCR products were 
analyzed by conventional agarose gel electrophoresis. 

Accuracy of QM-PCR was analyzed by measuring the ability to distinguish one-copy from two- 
copy genotypes. Confidence limits for copy number were calculated under the assumption of 
binomial distributions of 195 observed independent trials. 

Sequencing 

Duplex PCR reactions that amplify pairs of exons were performed with AmpliTaq DNA 
Polymerase kit (Applied Biosystems, Foster City, CA). Each pair of exons was sequenced 
simultaneously using the Cy5/Cy5.5 Dye Primer Cycle Sequencing Kit (Amersham, 
Quebec/Visible Genetics Inc, Toronto). Each primer mixture contained two primers, each 
labelled with either Cy5 or Cy5.5; targeting exons amplified in the preceding duplex PCR. 
Primers were designed to include on average 50 base pairs of intronic sequence and therefore 
included traditionally recognized splice sites. Exons were duplexed based on similar mutation 
yields (to load early tests with positive results) or compatible reaction conditions. To sequence 
all 27 RB1 exons and promoter region, a total of 14 duplex sequencing reactions were 
performed. Sequences were analyzed and compared to wild type RB1 (Genebank Accession 
L11910) using the OpenGene® Automated DNA System and Gene Librarian Software, Version 
3.1 (Visible Genetics Inc., Toronto) to detect sequence alterations. 

In naming mutations, the goal was to use a system that would most clearly identify the predicted 
result on the expected protein product. Conventional nomenclature as outlined by several 
authors (den Dunnen 2001) was used in naming mutations. Nucleotide position was numbered 
based on cDNA sequence, using the first base of the initiator codon as cDNA position number 
1. Splice mutations were named according to their position relative to the closest exonic base 
where the first base 5' of the intronic-exonic boundary is denoted as -1 (and similarly +1 for the 
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first base 3' of the intronic-exonic boundary). Mutations were also named by their effect on the 
amino acid at specific codons where relevant. RB1 mutations are also reported with reference to 
the genomic sequence accession No L11910 [Antonarakis, 1998]. 

Allele Specific-PCR (AS4-PCR) 

PCR primers were designed for specific multiplex amplification of mutant sequences of four 
recurrent mutations, R358X, R251X, R579X and R455X in fragments of 202, 253, 287 and 730 
bps respectively. The sense primers were specific for either the wild type or mutant genomic 
DNA templates at the ultimate 3' base position. Reactions were performed with AmpliTaq DNA 
Polymerase kit (Applied Biosystems, Foster City, CA). PCR conditions were optimized so that 
samples with these mutations would amplify strongly and only faint amplification would occur in 
the absence of the mutant alleles (for primer and template mismatches). Products were 
resolved by 2% agarose ; gel electrophoresis and the intensity of the amplified band indicated a 
mutant allele. 

Promoter Methylation Assay 

The degree of methylation in the RB1 promoter was determined by sodium bisulfite conversion 
and methylation-specific PCR (MS-PCR) as described in the literature [Zeschnigk, 1999] for 
tumor DNA of unilateral patients with no family history and with no or only one sporadic mutation 
revealed by QM-PCR and sequence analysis. PCR products from hypermethylated (201 bp) 
and normal (154 bp) RB1 promoter were separated on 2% agarose gel. 

A variety of molecular techniques and assays may be employed for use with HOPE. These 
techniques and assays include, but are not limited to, quantitative multiplex PCR (QM-PCR), 
double-exon sequencing and promoter-targeted methylation-sensitive PCR. 
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The current invention, in its embodiments may be used for diagnosing mutations in DNA that 
relate to a variety of diseases, including, but not limited to breast cancer, colorectal cancer, lung 
cancer, prostate cancer, retinoblastoma and hereditary hemorrhagic telangiectasia. 

It will be appreciated that the description above relates to the preferred embodiments by way of 
example only. Many variations on the system, method, and computer readable medium for 
delivering the invention will be understood to those knowledgeable in the field, and such 
variations are within the scope of the invention as described, whether or not expressly 
described. 
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Claims 

We claim: 

1) A computer readable medium having computer-executable instructions that when 
executed by a computer cause the computer to perform a method for determining an 
optimal test order for diagnosing mutations that relate to a disease, the method 
comprising: 

a) receiving data indicative of a historical frequency distribution of mutations that 
relate to the disease and the assays required to diagnosis the disease; 

b) creating a history database, the database comprising a sequence of records 
based on the data; 

c) receiving new data indicative of the historical frequency distribution of mutations 
that relate to the disease and the assays required to diagnosis the disease; 

d) applying at least one decision tree algorithm, wherein the at least one decision 
tree algorithm scores at least a portion of the new data; and 

e) generating a recommendation if the score satisfies a threshold. 

2) The computer readable medium of claim 1 , wherein applying at least one decision tree 
algorithm comprises; 

a) accessing a set of records within the history database; 

b) generating at least two strategies from the accessed records; 

c) comparing the at least two strategies against each other; and 

d) calculating the projected cost for the at least one strategy identified by the 
comparing step. 

Page 45 of 50 



3) The computer readable medium of claim 2, wherein the threshold is calculated from a 
pre-selected minimum number of records within the history database. 

4) A system for determining an optimal test order for diagnosing mutations that relate to a 
disease, comprising: 

a) a computing environment; 

b) an input device, connected to the computing environment for receiving data; 

c) an output device, connected to the computing environment, for presenting data; 
and 

d) at least one decision tree algorithm executed based on at least a portion of the 
data, wherein the at least one of the decision tree algorithms scores at least a 
portion of the data and determines the optimal test order associated with the at 
least one decision tree algorithm if the score satisfies a threshold, wherein the 
optimal test order is presented via the output device. 

5) The system of claim 4, wherein the at least one decision tree algorithm further 
determines a projected cost for each test associated with the optimal test order if the 
score satisfies a threshold, wherein the projected cost is presented via the output device. 

6) The system of claim 4, or 5, wherein the received data comprises the historical 
frequency distribution of mutations that relate to the disease and the assays required to 
diagnosis the disease. 

7) The system of claim 4, 5, or 6, wherein the at least one decision tree algorithm is specific 
to hereditary diseases selected from the group consisting of breast cancer, colorectal 
cancer, lung cancer, prostate cancer, retinoblastoma, and hereditary hemorrhagic 
telangiectasia. 
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8) The system of claim 7 wherein the decision tree consists of at least two strategies. 

9) The system of claim 8 wherein the at least two strategies are ranked by projected cost. 

10) The system of claim 9 wherein the at least two strategies comprise at least two assays. 

11) The system of claim 1 1 wherein the at least two strategies are ranked based on 
minimum projected cost to perform the at least two medical diagnostic assays. 

1 2) A method of determining the optimal test order for diagnosing mutations that relate to a 
disease, comprising: 

a) receiving data indicative of a historical frequency distribution of mutations that 
relate to the disease and the assays required to diagnosis the disease; 

b) creating a history database, the database comprising a sequence of records 
based on the data; 

c) receiving new data indicative of the historical frequency distribution of mutations 
that relate to the disease and the assays required to diagnosis the disease; 

d) applying at least one decision tree algorithm, wherein the at least one decision 
tree algorithm scores at least a portion of the new data; and 

e) generating a recommendation if the score satisfies a threshold. 

13) The method of claim 12, wherein applying at least one decision tree algorithm 
comprises: 

a) accessing a set of records within the history database; 

b) generating at least two strategies from the accessed records; 

c) comparing the at least two strategies against each other; and 

d) calculating the projected cost for the at least one strategy identified by the 
comparing step. 
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14) The method of claim 13 wherein the projected cost is calculated from a pre-selected 
minimum number of records within the history database. 

15) A computer readable medium having computer-executable instructions that when 
executed by a computer cause the computer to perform a method for determining an 
optimal test order for diagnosing mutations that relate to the disease, the method 
comprising: 

a) receiving through an input device, data indicative of the historical frequency 
distribution of mutations that relate to a disease and the assays required to 
diagnosis the disease; 

b) creating a history database, the database comprising a sequence of records 
based on the data; 

c) receiving, through an input device, new data indicative of the historical frequency 
distribution of mutations that relate to the disease and the assays required to 
diagnosis the disease; 

d) applying a match pattern to the history database; 

e) generating a recommendation if a frequency value of matched records located by 
applying the match pattern satisfies a match threshold; and 

f) communicating the recommendation through an output device. 

16) The computer readable medium of claim 15, wherein applying a match pattern 
comprises: 

a) accessing a set of records within the history database by use of a time window, 
the time window comprising a range of preselected dates; 

b) comparing the match pattern to each of the accessed records; and 

c) calculating the frequency value from the matched records identified by the 
comparing step. 
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17) A method of determining the optimal test order for diagnosing mutations that relate to a 
disease, comprising: 

a) receiving, through an input device, data indicative of the historical frequency 
distribution of mutations that relate to a disease and the assays required to 
render a diagnosis for the disease; 

b) creating a history database, the database comprising a sequence of records 
based on the data; 

c) receiving, through an input device, new data indicative of the historical frequency 
distribution of mutations that relate to a disease and the assays required to 
render a diagnosis for the disease; 

d) applying a match pattern to the history database; 

e) generating a recommendation if a frequency value of matched records located by 
applying the match pattern satisfies a match threshold; and 

f) communicating the recommendation through an output device. 

18) The method of claim 17, wherein applying a match pattern comprises; 

a) accessing a set of records within the history database by use of a time window, 
the time window comprising a range of preselected dates; 

b) comparing the match pattern to each of the accessed records; and 

c) calculating the frequency value from the matched records identified by the 
comparing step. 
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Abstract 



A method for determining the optimal test order for diagnosing mutations that relate to a 
disease. The method includes receiving data, creating a database, receiving new data, applying 
at least one decision tree algorithm to score each possible test order, and generating a 
recommendation. The method may also determine the projected costs and the projected times 
to perform each test in the optimal test order. A computer readable medium for determining an 
optimal test order for diagnosing mutations that relate to a disease. A computer system for 
determining an optimal test order for diagnosing mutations that relate to a disease. The system 
includes a computing environment, an input device, an output device, and a plurality of decision 
tree algorithms. The system may also determine the projected costs and the projected times to 
perform each test in the optimal test order. 
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